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Super-resolution reconstruction technology and
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Abstract: The development history of super-resolution reconstruction technology and its typical approaches were
briefly introduced. An implementation solution of super-resolution reconstruction was proposed on one kind of intel-
ligent terminal device. The image super-resolution approaches implemented by interpolation algorithms and deep
learning algorithms were experimented and simulated, and their results on terminal’s processing performance and
images’ quality of experience were evaluated and analyzed. The suggestions on appropriate scenarios of su-
per-resolution implemented by the intelligent terminal device were proposed. Furthermore, some typical cases of su-
per-resolution reconstruction technology in the fields of entertainment video services and home surveillance services
were discussed. The possible research direction and the trend of convergence of this technology and relevant image
processing technologies were also prospected.
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